


C(A,B)= α1  * L(A,B)+  2 * Sem(A,B) + α3 * Type(A,B) + α4 * 
Struct(A,B)                                                                    (5) 
The weights (α1,2,3,4) are chosen to be step functions with value 
= 1.0 until a lower threshold is reached. Thus α1=0.0 for L(A,B) < 
0.9 (since lexical similarity is a good indication of relationship for 
only high-scoring matches), and  α2 = 0.0 for Sem(A,B) < 0.67, 
α3 = 0.0 for Type(A,B) < 0.5, α4 = 0.0 for Struct(A,B) < 0.5. The 
thresholds were derived by computing the similarity per cue for 
the actual mapping indicated by programmers for integration of 
candidates services used for testing and taking their average value. 

3. RESULTS 
We tested the performance of semantic schema matching on 240 
distinct pairs of web services drawn from Crossworlds business 
object library. The business objects tend to have a larger number 
of member attributes (over 100), so that the algorithm 
performance could be gauged on large schemas. We then 
measured the performance by comparing to a manual match of the 
attributes of the respective schemas. The number of spurious 
(false positives) as well as missing matches (false negative), were 
noted in each pair-wise match.  
Table 1 illustrates the matching similarly, for a pair of ADTs 
depicted in Figure 1. Here a web service that provides a 
description of an inventory item is chained with a web service that 
retrieves vendor information associated with the inventory item.  
A match of InventoryType and StockType has been aided by 
semantic name matching, while abbreviation expansion has 
allowed match of InvLocationID to InventoryLocationID 
Representative performance for a sampling of web services is 
illustrated in Table 2. Overall, the system erred on the side of 
making false positives and was able to maintain a matching 
accuracy in the range of 75-85%. 
4. CONCLUSIONS 
In this paper, we have presented an approach to semantically  
match two API schemas to enable the chaining of their associated 
services. Building automation into this task enables scalable 
deployable solutions in the world of internet where the web 
services are being added at a rapid pace. 
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1. 10 15 8 1 2 9 81% 
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3. 67 73 29 5 9 34 79% 

4. 84 56 10 3 4 13 76.4% 
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 Figure 2: Illustration of semantic matching between A
web services exchanging business objects. 

 

S. 
No.  

Source attribute Matching 
destination 
attribute 

Matching 
Score 

1. OrganizationID OrgID 2.5 

2. InventoryLocation InvLocationID 3.0 

3. InventoryID InventoryID 4.0 

4. InventoryType StockType 3.0 

 

Table 1: Matches produced by semantic match for the p
ADTs shown in Figure 1. 

Table 2: Il
performance 
matching durin
services derived
objects. 
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